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Analytic Al Generative Al Agentic Al



Imagine, Agentic Al

- Intake Agent

- Risk Profiling Agent

- Pricing & Product Agent

- Compliance & Fairness Agent
- Decision Orchestrator Agent

- Learning and Feedback Agent
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- Zara, Kate, Ada, Allie, Tomi, Dr Jeevan, Chatty, Botty, Jarvis or ABle

« B E for Zurich, GEICO, Axa, Allianz, Tokyo Marine, Metlife, Generali,
China Life and Allstate respectively — Botty is a Swiss shoe store
chain



AF A - Domain-Specific A

Gen Al can make insurance sales staff more efficient and productive.

H
Increase in agent Time saved drafting ﬁil_l'% 10"‘20% 7”*.1
productivity, % outreach materials, %
+5 - Al 27 HO): H|8 20~40% M7t

Gi|O|E| & O|O|X| =X{: The future of Al for the insurance industry | McKinsey



https://www.mckinsey.com/industries/financial-services/our-insights/the-future-of-ai-in-the-insurance-industry#/
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Gen Al 9| Al

« 77% Gen Al AtE
e (5= 92%, O|= 65%, 20CH 91%, 60CH 61%)

e 68% HA QO = 44% A=l X 37% AO|M 2= 20% entertainment
ELE (57 33%)
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- 50% yes (61% for Gen Z, 34% for Baby Boomers)
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Ground to make up.

Who do you trust most in managing personal data
within a GenAl environment?

5%

banks

40%

health providers

39%

insurers



Figure 4: \What concerns you about sharing personal data with insurers?

Concerns about data security and privacy _ 53%
Fear of data misuse/errors by Al _ 47%

Lack of understanding (how Al uses personal data) 349%

Worries about discrimination in offers/pricing || RN 34%

No concerns 10%



Figure 8: \What kind of data security policy makes you feel most comfortable sharing additional personal health data with insurers?

| am not comfortable with sharing - .
any personal health data/I'm against it i

| am fine as long as there is transparency
D 22%

about what is done with my data

| am fine as long as the insurer complies with the law [N 22%

| am only fine when the insurer explicitly commits to fair 530
and ethical use of data I 2

| am only fine if the insurer adheres to the highest available security _ o
standards that go beyond the law/regulation 24%




HIO|E &7, yes if

_ o Data for discounts
Convenience is king

44,
4 6 % would share data for pricing discounts, of those...

would be willing to share their data if it could
be used in auto-filling application forms 5/‘ 4 O 9
% % %

8—10% discount b—8% discount 2 —5% discount




Takeaways
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. AIO] CHB EE My} o= HAE 9
« Swiss Re(2025): ME|QF HE AL Al 20 CHSE O|S = 7F ¥Fof A 2titA
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- Responsible Al Framework: fairness, transparency, explainability,

safety and
security, accountability and privacy.



Insurity &, 2024/2025

- EHATEAIE AIESHE A 2HA: 29% (2024) > 20% (2025)
= BEAOA 2 7HUSHILCE : 44%(2024) > 42%(2025)
= A0 2 EO|LCE: 63% (2024) > 47% (2025)

Source: Insurity Survey Reveals Declining Consumer Confidence in Al for P&C Insurance, Signaling a Need for
Action from Insurers | Insurity



https://insurity.com/press-release/insurity-survey-reveals-declining-consumer-confidence-ai-pc-insurance-signaling-need?utm_source=chatgpt.com
https://insurity.com/press-release/insurity-survey-reveals-declining-consumer-confidence-ai-pc-insurance-signaling-need?utm_source=chatgpt.com
https://insurity.com/press-release/insurity-survey-reveals-declining-consumer-confidence-ai-pc-insurance-signaling-need?utm_source=chatgpt.com
https://insurity.com/press-release/insurity-survey-reveals-declining-consumer-confidence-ai-pc-insurance-signaling-need?utm_source=chatgpt.com
https://insurity.com/press-release/insurity-survey-reveals-declining-consumer-confidence-ai-pc-insurance-signaling-need?utm_source=chatgpt.com

F7tsd (Explainability)
CIdH H % (Privacy and Data Security)
AAXH (Accountability)

2t (Hallucination)

A X| (Misalignment)



Misalignment

- Generative AI2} Agentic Al

. Gen AI2| 2AX|: =2 HallucinationO|L} Bias —
- Agentic AI2| &X|: Misalignment — A|AEIO
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Healthcare CEO killing reveals lack of
trust and accountability in US insurance
industry: Tgetit’

Experts say they're unsurprised by ‘expressions of anger’ at
the healthcare system after the death of Brian Thompson
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O Flags fly at half-staff outside of the office of UnitedHealthcare in Minnetonka, Minnesota, on 5
December, the day after CEO Brian Thompson was killed. Photograph: Eric Miller/Reuters

United HealthCare

. 20244 12 49 A® CEO Brian Thompson 1|2 At&
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. Stradi & Verdickt (2024): £Xt0f| 25t A
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- Longoni, Cadario, Morewedge (2021, HBR):
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. Yalcin, Lim, Puntoni, van Osselaer (2022): £&, L& S £010} 2HA = 22X 0
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IEEE spectmm FOR THE TECHNOLOGY INSIDER

ARTICLE | HISTORY 0

Untold History of AlL: Algorithmic Bias Was Born in
the 1980s > A medical school thought a computer

program would make the admissions process fairer—but
it did just the opposite

BY OSCAR SCHWARTZ | 15 APR 2019 | 4 MIN READ A

Snuirce: httna*//anectriim irea arg/iintnld-histarv-nf-ai-the-hirth-nf-machine-hias
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. Statistical / computational biases Stafistical/ Computational Biases

« Human biases

. SZHY, SAZ I MK HS MEHEY . VR W a
AL EICH TS} Human Biases |
=y o B, etc. i

- Systemic biases
- Aol FAL Z3f, M =X f20 el WEl

H &k
L O
= = =E
° C&IO/ g%/ —I—A_ll AI_I_%CDIZI,e.tC

- Barocas, S., &Selbst A. D. (2016)'

H} F = @)
E” O| E1 7| l— = 1= E' O| |E X| | Bias in Al systems is often seen as a technical problem, but the NIST report acknowledges that a great deal of Al bias stems

Qill A|-I‘| = 1 %% XH %DH t|- OE|- _/Iﬁ 9| %% _:f_ £I| hum‘an biases and systemic, institutional biases as well.
Credit: N. Hanacek/NIST

Source: NIST report
There's More to Al Bias Than Biased Data, NIST Report Highlights | NIST



https://www.nist.gov/news-events/news/2022/03/theres-more-ai-bias-biased-data-nist-report-highlights#:~:text=The%20National%20Institute%20of%20Standards%20and%20Technology,in%20ways%20that%20disadvantage%20certain%20social%20groups

Relman Colfax 2 L|E{ & H 11 XA{| (2020-2024)
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. 1 7|F A8 Kt 22 H|7| . SOl MHXL HK K| ol
«  SAT/ACT == 7|8 5% M A *  Model 2= M| 0|5 50N 7| & ZE2IAME S S
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- Kleinberg, J., Mullainathan, S., & Raghavan, M. (2017): 0{2{ 234 7|&=2 sAI0| 25

2 = Blb= 0|24 A S HMAl

— 1 L—

- Pleiss, G., Raghavan, M., Wu, F., Kleinberg, J., & Weinberger, K. Q. (2017) : "&£ &

(Calibration)"dt 2758 s8H 7H0| 2EEQ S=0| =Xt =8 2

. Kleinberg, J., & Mullainathan, S. (2018): tt=d 1t s 7tsd 5 dX5t= L 20| 25|

=8ss =i = Ut #+25 2 A 7|
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- Draws et al.(2021):
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Al2| #{&8

An Al chatbot pushed a teen to kill

himself, a lawsuit against its creator
alleges




- Klingbeli, Grutzner, and Schreck (2024)
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Sabour et.al.(2025), “Human
Decision-making is Susceptible to Al-
driven Manipulation”

Ao dA: 233
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Agent Skill at Al Deployment
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Al AHEA

- Al 7|2, 8% Al 7}0| =201, NIST, EU Al Act....
—>Fair, Accountable, Transparent, Safe and Secure, Compliant with law

 Strong Al HH A

1.00|E B LY x|}

28583788 K& E7t

3. Human-in-the-loop (AFE 2| Z S 1F &Ml FX])
4. 2 E2|8 XM (accountability) It £HSH A&



2E & A






mailto:sojungpark@snu.ac.kr

	슬라이드 1: AI와 보험산업: 신뢰, 공정성, 그리고 사람 
	슬라이드 2: AI 
	슬라이드 3: Imagine, Agentic AI
	슬라이드 4: 아래 목록 중 이질적인 것 하나는? 
	슬라이드 5: 현주소 – Domain-Specific AI 
	슬라이드 6
	슬라이드 7: Swiss Re (2025) 설문 
	슬라이드 8: Gen AI 의 사용
	슬라이드 9: 보험사의 데이터 사용에 대한 신뢰 
	슬라이드 10
	슬라이드 11
	슬라이드 12: 데이터 공유, yes if 
	슬라이드 13: Takeaways
	슬라이드 14: Insurity 설문, 2024/2025
	슬라이드 15: 문제
	슬라이드 16: Misalignment 
	슬라이드 17: United HealthCare 
	슬라이드 18: 알고리즘(AI) 추천과 사람들의 반응 
	슬라이드 19: 알고리즘(AI) 추천과 사람들의 반응 
	슬라이드 20: takeaways
	슬라이드 21: 공정성과 편향: 신뢰의 핵심 변수
	슬라이드 22: 편향 
	슬라이드 23
	슬라이드 24
	슬라이드 25: 편향
	슬라이드 26: 편향과 신뢰 
	슬라이드 27: AI의 위험성
	슬라이드 28: 위험성 : AI 과의존
	슬라이드 29: 위험성 :  AI의 조작
	슬라이드 30: AI와 인간의 상호작용  
	슬라이드 31: AI 취약계층 
	슬라이드 32: How to improve  (by ChatGPT)  
	슬라이드 33: AI 거버넌스 
	슬라이드 34: 결론 & 시사점
	슬라이드 35

